Abstract
Introduction
For decades, information system researchers have recognized how important users' personal factors are for predicting technology adoption and use (e.g., Lucas 1981) . However, researchers have historically focused on a relatively mutable subset of personal factors: individual attitudes (attitude toward computers) and personal perceptions (such as perceived ease of use and perceived usefulness). It was not until the 1990s that a less mutable subset of personal factorsdispositional factors-was incorporated into predictive models. These dispositional factors include locus of control (Flaherty et al. 1998) , self-efficacy (Agarwal et al. 2000; Compeau et al. 1999) , general personality factors (e.g., Amiel and Sargent 2004) , and cognitive style (e.g., Taylor 2004) . Our research compares the roles of two general types of dispositional factors-personality and cognitive style-in the acceptance of the Internet.
Lucas ' (1973) early work on IS implementation indicated that personal factors, decision style, and users' attitudes toward a system affect its adoption. He argued that personal factors can impede implementation simply because some people find computers incomprehensible. Zmud (1979) also showed that there was considerable interest among researchers in the effect of dispositional factors, specifically personality, on MIS success. However, the role of personality was extracted primarily from research in non-MIS contexts and was limited to its connection to cognitive style as an antecedent to IS success. Until recently, dispositional personal factors, such as personality and cognitive style, were largely ignored.
A notable exception has been research on the role of negative attitudes toward computers-what Cambre and Cook (1985) label computer anxiety. Computer anxiety, later research showed, is a significant predictor of computer achievement (Marcoulides 1988 ) and computer use (Howard and Mendelow 1991) . These studies extend Lucas' position: Some people find computers not only incomprehensible but frightening as well.
The lack of targeted research on the role of dispositional factors in IS adoption and use may be a by-product of the Huber-Robey debate over whether cognitive style is a suitable basis for management-information and decision-support system design. Huber (1983) argued that cognitive style is not necessarily applicable to MIS design, in part because of the low amount of variance explained in outcomes. He concluded that cognitive style should be considered only in contexts where it can explain significant variance (such as career choice). Conversely, Robey (1983) argued that steering research away from cognitive style threatens to ignore the human side of the human/computer interface.
Later research supports Robey's prediction: The predominant personal-factor variable used in subsequent models of IT adoption has been perceptions rather than the more constant factors of personality or cognitive style. For example, Davis' (1989) original technology acceptance model (TAM), its revised form , and TAM2 (Venkatesh and Davis 2000) all rely heavily on perceptions of the technology's usefulness and ease of use as primary determinants of its adoption and acceptance. Over time, a number of variables have been added to TAM, including some personal factors such as computer anxiety and self-efficacy (see Lee et al. 2003) . Nonetheless, most of these added variables involve perceptions (e.g., subjective norms, image, job relevance, and output quality). Similarly, Seddon's (1997) interpretation of DeLone and McLean's (1992) model of IS success uses perceptions of usefulness, satisfaction, and system quality to predict IS use. In 2003, in an effort to resolve competing models of IS use and adoption, Venkatesh, Morris, Davis, and Davis proposed a unified theory of acceptance and use of technology (UTAUT). Nonetheless, UTAUT also overlooks personal, dispositional factors, in favor of perceptions of performance, effort required, and others (the only nonperceptual variables were gender, age, and experience). Even though the role of perceptions continues to dominate models of technology acceptance and use, individual attitudes such as user satisfaction and attitudes toward computers are also acknowledged as important variables (Venkatesh et al. 2003) .
Only recently, however, have dispositional personal factors reentered the picture. In the 1990s, nearly 20 years after Lucas' work, interest turned toward single, relatively stable personality traits. Self-efficacy, for example, is essential to both the theory of planned behavior (Mathieson 1991; Taylor and Todd 1995) and social cognitive theories of user reaction to IT Higgins 1995a, 1995b; Compeau et al. 1999) . Self-efficacy, in both general (Bandura 1977 ) and computer-specific (Compeau and Higgins 1995b) forms, has also been examined as a personal factor affecting new IT use as well as a dependent variable to be honed through training (Agarwal et al. 2000) .
Recent research has examined general dispositional factors as determinants of technology adoption and use. Mirroring the Huber-Robey debate, this research generally defines disposition in terms of either general personality traits or cognitive style. Consequently, this paper will compare the ability of these two competing conceptual frameworks to explain Internet adoption and use.
The Role of Personality in IS Use
Personality is a stable set of characteristics and tendencies that determine peoples' commonalities and differences in thoughts, feelings, and actions (Maddi 1989) . Many individual traits have been identified, but this study focuses on the so-called "Big Five" personality factors: agreeableness, conscientiousness, extraversion, neuroticism, and openness to experience. These factors theoretically capture the essence of one's personality (Digman 1990 ).
We selected these personality factors for three reasons. First, using the Big Five allows us to examine whether personality, in general, affects Internet use. We are interested in defining personality's direct effect on IS use, not in casting personality as a precursor to cognitive behaviors and attitude formation (Zmud 1979) . Second, using general personality factors allows us to revisit the cognitive style debate. Pitting the Big Five personality dimensions directly against cognitive style instruments such as the Meyers-Briggs Type Indicator (Gardner and Martinko 1996) will inform this debate. Finally, comparing the effects of a general personality measure to a general cognitive style ensures consistency in the levels of abstraction.
Each Big Five personality factor represents a collection of unique personality traits. Agreeableness represents the tendency to be sympathetic, good-natured, cooperative, and forgiving. Highly agreeable people help others and expect help in return. Conscientiousness represents the tendency to be self-disciplined, strong-willed, deliberate, and reliable. Conscientious people actively plan, organize, and carry out tasks. Extraversion represents sociability, cheerfulness, and optimism. Extraverts seek out new opportunities and excitement. Neuroticism represents a lack of psychological adjustment and emotional stability. Highly neurotic people tend to be fearful, sad, embarrassed, distrustful, and have difficulty managing stress. Finally, openness to experience represents one's curiosity and willingness to explore new ideas. Open individuals tend to devise novel ideas, hold unconventional values, and willingly question authority (Costa and McCrae 1992) . Taken together, the Big Five capture the essence of one's personality.
Organizational behavior researchers have long been interested in personality because of its established link to behaviors and cognitions. For example, nearly a decade's worth of research has linked various dimensions of the Big Five to job performance (Barrick and Mount 1991) , job choice (Spector et al. 1995) , implicit leadership theories (Keller 1999) , absenteeism (Judge et al. 1997) , occupational stress, and other workrelated attitudes and values (see Tokar et al. 1998) .
Only recently has research begun to link personality traits to IS adoption and use. For example, agreeable people tend not to use the Internet for email as much as others. Although perfectly willing to help others, agreeable people may not necessarily feel compelled to establish that connection (Swickert et al. 2002) . Nonetheless, the forgiving nature of highly agreeable people may make them more persistent in the face of frustrating Internet investigations (e.g., sites that are difficult to navigate), keeping them online longer (Landers and Lounsbury 2006) .
Conscientious people are less likely to use the Internet for what they see as unproductive activities. They tend to spend less time online in leisure pursuits (e.g., watching YouTube videos) and more time online engaged in academic pursuits (Landers and Lounsbury 2006) .
Extraverts prefer face-to-face interaction and typically spend less time on the Internet (Landers and Lounsbury 2006) , especially for online social activities such as chat rooms (Hamburger and Ben-Artizi 2000) . Nonetheless, they will use the Internet as a tool to acquire things to share with others, such as information and music (Amiel and Sargent 2004) .
The distrust inherent in people with neurotic personalities has tended to limit the amount of time they spend online exchanging information and playing games (Swickert et al. 2002) . Nonetheless, neurotic people do spend extensive time on the Internet seeking to gain a sense of belonging (Amiel and Sargent 2004) .
Finally, some research shows that open people are attracted to online activity to sate their curiosity and seek out new forms of adventure (Tuten and Bosnjak 2001) .
These studies suggest that the Big Five personality dimensions have at least some utility as determinants of information system use. That is, people dominated by different personality characteristics will use the Internet to varying degrees and for different purposes.
The Role of Cognitive Style in IS Use
As some researchers began investigating the influence of personality on IS use, others developed a renewed interest in the influence of cognitive style. Cognitive style research is based on psychiatrist Carl Jung's (1921) premise that the mental functions related to information gathering and decision-making are central to one's personality. Consequently, people are "typed" according to how they perceive and form judgments. The Myers-Briggs Type Indicator, or MBTI, is the primary instrument used to capture Jung's concepts (Wheeler et al. 2004) . Despite criticism of the dichotomous nature of its typing (Gardner and Martinko 1996) , the MBTI has been validated extensively and shown to be reliable (Harvey 1996) .
In a representative MBTI study, Ludford and Terveen (2003) showed that a small sample of 20 individuals used various task-oriented technologies differently depending on their MBTI type. For example, perceivers were more likely to save task-related e-mail once a project was complete, while judgers were more likely to delete them. Moreover, thinkers were more likely to use editorial reviews in evaluating CDs on Amazon.com, while feelers were more likely to rely on their own listening experience. In a larger study of 257 software development employees, Taylor (2004) found that cognitive style affected use of the company's knowledge management infrastructure. Specifically, analytical people were more likely than intuitive people to use the company's data mining, knowledge repository, and Lotus Notes features. As with the research on personality, these cognitive style studies offer additional support for a dispositional view of personal factors as a determinant of information system adoption, and suggest that the way people process information and make judgments affects their Internet use.
Propositions
Much research links either personality or cognitive style to IS use and adoption. However, we could find no studies that examine the relative contribution of both factors. Therefore, the current study fills that gap by comparing the relative effects of these two types of dispositional factors. Rather than focusing on professional users of specialized IS technologies, we focus on use of the Internet, which is the most widely used IS technology. We do not examine the specific role of each personality factor or cognitive-style type. Instead, we seek to determine if personality and cognitive style are, in fact, antecedents of IS adoption and use and, if so, to evaluate their relative worth as predictors of Internet use. Consequently, our research addresses the following propositions:
Proposition 1. Personality explains variation in Internet use
beyond the traditional antecedent measures of computer attitudes, self-efficacy, and gender.
Proposition 2. Cognitive style explains variation in Internet use beyond the traditional antecedent measures of computer attitudes, self-efficacy, and gender.
The debate between Huber (1983) and Robey (1983) regarding the role of cognitive style in MIS design leads us to predict that personality and cognitive style will affect information technology adoption and use differently. Huber called for abandoning cognitive style as a determinant of IS design due to its lack of explanatory power. If Huber is correct, personality should have greater power to predict Internet use. Therefore, Proposition 3. Personality will better predict Internet use than cognitive style.
Method
Participants were 92 MBA students and 61 senior undergraduate students from a variety of majors. We collected the data using a lengthy survey (participating students received a few extra credit points). The length of the survey may have affected sample size because some questions were left blank. Nonetheless, of 153 subjects, 132 answered every question.
Measures

Control Variables
The purpose of this study was to determine how well personality and cognitive style predict IT (i.e., Internet) adoption and use. Therefore, we used three variables common to earlier adoption-and-use models as control variables: computer anxiety, self-efficacy, and gender.
Computer anxiety was measured by a 20-item, attitudetoward-computers scale as defined by Dambrot et al. (1981) . Significantly, this scale captures general anxiety about the implications involved in using computers, rather than the specific anxiety associated with actually using a computer. We avoided using the more-specific Computer Anxiety Rating Scale (Heinssen et al. 1987) , however, because it includes items that might have overlapped with our selfefficacy scale (such as "I am confident that I can learn computer skills"). The Dambrot scale employs a five-point Likert response format. Sample items include "Computers intimidate and threaten me" and "Even though computers are valuable I fear them." An average score was computed for each respondent such that a high score is indicative of high computer anxiety. Coefficient alpha for the sample was .72.
Self-efficacy refers to a person's belief in his or her capacity to perform, which influences the person's desire to try (Bandura 1986; Torkzadeh et al. 2003) . Self-efficacy can be measured both in terms of general beliefs, such as one's sense of overall effectiveness, and by context-specific beliefs, such as computer self-efficacy. We elected to use a general measure of self-efficacy because we wanted to remain parallel with our general measures of personality, cognitive style, and computer anxiety. We used a 12-item form of Sherer et al.'s (1982) self-efficacy scale, which has statements such as "If I can't do a job the first time, I keep trying until I can." Coefficient alpha for the scale was .80.
For our final control variable, we used a one-item scale measuring gender (1 = male, 2 = female). The interpretation of personality scores-like some MBTI preferences-varies by gender (Costa and McCrae 1992; Gardner and Martinko 1996) .
Personality
We measured personality with Costa and McCrae's (1992) Revised NEO Personality Inventory. This widely used instrument is a 240-item questionnaire that describes the respondent's personality according to the Big Five factors. Its validity and reliability are well documented (Costa and McCrae 1992) . Coefficient alphas for the scales used in this study ranged from .89 for agreeableness to .93 for neuroticism.
Cognitive Style
A number of instruments measure cognitive style, such as the Kirton Adaptors Innovators (KAI) scale (Kirton 1976 ) and the Cognitive Style Index (CSI) (Allinson and Hayes 1996) . The most common, however, is the Myers-Briggs Type Indicator (Wheeler et al. 2004) . We opted to use the MBTI for this study for several reasons. First, the MBTI focuses on how one makes judgments and arrives at conclusions, rather than on how creativity is expressed (the focus of the KAI scale). Second, even though instruments such as the CSI are shorter, they are based on and are highly correlated with the MBTI (Allinson and Hayes 1996) . Third, the MBTI is extremely popular in industry, and it is administered to more than three million people a year (more than 40 percent from major corporations) (Gardner and Martinko 1996) . Researchers have argued that studies based on such widely used instruments have more relevance to organizations than studies based on seldom-applied research measures (Garfield et al. 2001) , such as the KIA and CSI.
We used the MBTI Form M, a 93-item instrument (Myers and Myers, 1998 
Dependent Variables
We designed three instruments to measure Internet use. The first had seven items that used a five-point Likert response scale. Four items asked respondents to indicate how often they surfed the Internet, visited chatrooms, visited bulletin boards, and looked up specific information. The remaining three items asked respondents how comfortable they were looking up information, visiting chat rooms, and surfing the Internet. Responses were averaged to yield a single score indicating each respondent's level of overall Internet usage. Coefficient alpha for this sample was .71.
The second instrument had two items and a five-point Likert response scale that measured respondents' willingness to buy products online. Respondents were asked to respond to the statements "I would be willing to buy products on the Internet" and "I buy products on the Internet." Coefficient alpha for this e-buy scale was .84.
Finally, a two-item instrument with a five-point Likert response scale measured respondents' willingness to sell products on-line. Respondents indicated their degree of agreement with the statements "I would be willing to sell products on the Internet" and "I have sold items on the Internet." As with the other scales, responses were averaged to yield a single e-sell score. Coefficient alpha for this instrument was .70.
Results
Because data were collected from both graduate and undergraduate students, t-tests were conducted to determine whether the overall data could be pooled and treated as a single sample. Because no significant differences existed between graduate and undergraduate student means for all dependent variables, the samples were combined. Table 1 shows the means, standard deviations, and correlations for the variables. To determine how much, comparatively, personality and cognitive style help explain variance in Internet use, we conducted two hierarchical regressions. In step one, we entered computer anxiety, self-efficacy, and gender as control variables because they are well established in the IS adoption and use literature. In step two, we entered the Big Five personality factors and cognitive style in each analysis to test whether they add significantly to the model. Tables 2 and 3 report the results. Table 2 shows that after controlling for computer anxiety, self-efficacy, and gender, personality significantly helps explain Internet use variance in general, and online selling in particular. Openness is a significant predictor of general Internet use; open individuals are more likely to use the Internet. Neuroticism also adds to the explanation for Internet use variance, even though it is just below the conventional standard of statistical significance (p = .059). Neuroticism is a strong predictor of e-selling; neurotic individuals are more likely to sell products online. The addition of the Big Five personality factors in step 2 resulted in significant F changes for both Internet use and E-selling activities, which provides support for Proposition 1. Table 3 shows that after controlling for computer anxiety, self-efficacy, and gender, cognitive style indicators failed to significantly predict any of the dependent variables. There was a significant beta for the extraversion/introversion dimension as a predictor of general Internet use, but the MBTI as a whole failed to add significantly to the model. Thus, Proposition 2 is not supported. Taken together, the results shown in Tables 2 and 3 support Proposition 3: The Big Five personality factors better predict Internet use than cognitive style.
To further support Proposition 3, we conducted a usefulness analysis, which reports the incremental change in variance for all possible orderings of applicable variables entered into hierarchical regression analysis (Darlington, 1968) . In our primary analysis, the Big Five or the MBTI was entered into the regression equation in step 2. In our usefulness analysis, this step is followed by the insertion of the other possible explanatory variables. Table 4 reports on the incremental change in variance explained when the Big Five is entered both before and after the MBTI (and vice versa). Table 4 shows that the Big Five adds significantly to the model, whether they are entered before or after the MBTI. In contrast, the MBTI fails to add significant explanatory power regardless of when it is entered. The lone exception to this pattern is e-buying behavior.
Recall that the Big Five did not add significantly more explanatory power beyond that explained by computer anxiety, self-efficacy, and gender (Table 2 ). This is illustrated here by the lack of significance for the Big Five in step 2 of our primary analysis. The MBTI, however, does add significantly to the model in our usefulness analysis, but only after the Big Five are taken into account. In other words, the MBTI is only relevant to e-buying behavior in the presence of the Big Five. The analysis in Table 4 supports Proposition 3: personality is a more important predictor of Internet use than cognitive style. These results support Huber's (1983) contention that cognitive style is of little value as a basis for MIS and DSS design. Internet Use E-Buy E-Sell S t e p 1 S t e p 2 S t e p 1 S t e p 2 S t e p 1 S t e p 2
Step 1 .11** † The values represent the additional change in R² achieved by entering the variables specified at each step. *p < .05 **p < .01 ***p < .001
Discussion
The results of this study show that general personality factors predict aspects of Internet use while cognitive style does not. Two general issues merit attention. First, why would personality affect Internet use and Internet selling (but not Internet buying) behavior? We believe that these differential results are due to both measurement and familiarity issues. Most items measuring Internet use in this study dealt with how frequently people use the Internet. Consequently, even though computers are virtually unavoidable today, personality may still explain extreme behaviors in terms of using them. Ebuying and e-selling, in contrast, were measured in an absolute sense; people do it or they do not. Buying products on the Internet has become commonplace, particularly for the age group in this study-indeed, online retail spending is expected to reach $144 billion and 50 percent of total retail sales by the year 2010 (Anfuso 2006 The second issue that merits further attention is the extent to which personality can predict Internet use. Table 2 demonstrates two important points. First, according to the change in R 2 values, personality explains an additional 10 percent of Internet use variance beyond the 9 percent explained by the control variables. With respect to e-selling, personality explains 11 percent beyond the 7 percent explained by the control variables. Second, personality increases the variance explained by the controls by a factor of 2 for Internet use and a factor of 3 for e-selling behavior, according to the adjusted R 2 values. This is an increase from .07 to .14 and from .04 to .12, respectively. Some might argue that adjusted R 2 values of .12 and .14 are not particularly high, but explaining 12 to 14 percent of the variance in highly complex human behavior is meaningful. Moreover, the purpose of this paper was to comparatively test personality and cognitive style as predictors of Internet use. These results clearly show that personality is a superior predictor. Cognitive style fails to explain significant amounts of variance beyond what was explained already by the control variables of computer anxiety, selfefficacy, and gender.
The results suggest several more specific observations about the role of personality. Neuroticism is a strong predictor of eselling behavior and just missed the standard statistical cut-off for Internet use significance. Seeking information, socializing, and selling goods online may enable neurotic people to escape the stress of face-to-face interaction (this is consistent with the findings of Amiel and Sargent 2004) . Openness plays a smaller, although still significant, role in predicting Internet use. Curious and open-minded people are more likely to use the Internet to seek information, and visit chatrooms and bulletin boards (this is consistent with the finding of Tuten and Bosnjak 2001) . One might have expected openness to also predict e-buying and e-selling behaviors, but the financial, effort, and time obligation of such behavior may overcome their curiosity. Visiting chat rooms and bulletin boards, in contrast, carries no financial obligation. Although care must be taken in drawing causal inferences, personality clearly temporally precedes Internet use and e-commerce behaviors.
Our findings suggest that future models of IS implementation and adoption deserve a dispositional component, but one that is based on personality rather than cognitive style.
This study addressed only the direct effects of personality and cognitive style on Internet use. The role of personality, if replicated, may prove even more salient if one also examines its indirect effects. Future models of IS adoption and use may be improved by incorporating personality along with existing attitudinal and situational determinants. In addition to the independent effects shown here, personality may explain IS adoption and use, because it is an antecedent of attitudes such as user satisfaction. Thus, the indirect effects of personality may explain additional adoption and use variance.
While cognitive style does not seem promising for predicting Internet adoption and use, other personal factors, such as personal values, might be useful. In addition, other measures of cognitive style might yield different results. Future research should examine whether personality is best captured using broad dimensions, as was the case in this study, or specific personality traits, such as self-esteem and tolerance for ambiguity. Previous research suggests that specific traits may be particularly good predictors in cases where a theoretical rationale posits an expected relationship between a given trait and a given criterion (George 1992) .
Future research should also examine more specific types of IS adoption and use. Personal, dispositional factors may predict some types of IS adoption and use better-or at least differently-than others. The adoption of new IS technologies and the pervasiveness of existing technologies may be affected by individual differences such as personality. While millions of people currently shop online, some are more likely to do so than others. Is this a function of their personality? Moreover, the type of products bought and sold online may be personality-dependent. For example, buying books, music, or travel tickets online may involve different antecedents than buying specialized products or selling items on eBay.
Limitations
The results of this study must be viewed in light of its limitations. First, participant behavior was self-reported during a single session. Consequently, common-method bias is a potential weakness (future researchers could test for this bias by using a larger sample). Ideally, in addition, future researchers will measure Internet use behaviorally. Second, it is true that student samples can sometimes be problematic, but they are appropriate in this study because college students are real Internet users and provide a representative sample of this population. If this sample has any bias, it is due to students' above-average familiarity with the Internet (this may explain the lack of significance with respect to buying online). Internet purchasing is so common to the sample generation that age may be a more salient individual variable than personality.
Additional potential weaknesses of this study involve the way self-efficacy and computer anxiety, two of the control variables, were operationalized. We used a general measure of self-efficacy. The results might have been different had we used the more-specific computer self-efficacy as a control. However, we were able to perform a post hoc analysis to address this potential weakness because our data set included Torkzadeh, Koufteros, and Pflughoeft's (2003) measure of advanced computer skills self-efficacy. Substituting their computer self-efficacy measure (coefficient alpha = .90) for our general measure of self-efficacy revealed identical results. Personality significantly predicted computer use and e-sell (but not e-buy) behavior. Cognitive style did not significantly add to the model for any of the three dependent variables. The only major difference when we substituted computer selfefficacy was that neuroticism (rather than openness) was the main contributing factor in personality's prediction of Internet use.
In a second post hoc analysis, we attempted to assess whether a more specific measure of computer anxiety would affect the results. The computer anxiety measure we used technically measured general attitudes toward computers, although, as noted, these measures were subsumed under the label of "computer anxiety" (Cambre and Cook 1985) . Three items from our measure are common to other, more-specific measures of computer anxiety (Heinssen et al. 1987) . Consequently, we used these items to form a three-item computer anxiety instrument that had a coefficient alpha of .71. Substituting it for the more complete computer anxiety measure produced results nearly identical to our original findings. The only major difference was that computer anxiety, as measured by the shorter scale, was not a significant predictor of Internet use in its own right.
While this second, post hoc analysis addresses the validity of our computer anxiety measure, it does not address the issue of specificity. Using a measure focused on the anxiety associated with using a computer, such as Marcoulides, Rosen, and Sears' (1985) computer anxiety rating scale, as opposed to one measuring anxiety about the implications of using computers, may produce differential results. However, because we were investigating general aspects of personality and cognitive style, we opted for general measures of self-efficacy and computer anxiety to be consistent across concepts.
Implications
A literature review on the role of personality in organizational life concluded that personality is essential to understanding some classes of organizational phenomena (George 1992) .
Our study provides evidence for including Internet use in this set of phenomena. Current e-buying and e-selling vendors have focused on developing applications that attempt to customize each consumer's shopping experience. They seek to provide users with information that is tailored to their specific needs (Callaghan 2000) . This trend is evidenced by the proliferation of "portal" software designed to provide users with preprogrammed, personalized information. However, the trend is clearly still in what Amazon CEO Jeff Bezos calls the early, "Kitty Hawk stage" of personalization (Du Bois 2000) . Firms that can understand their customers' personality and buying behavior will have a competitive advantage in the marketplace. A richer understanding of the effect of personality on IS use will allow Internet firms to better target their products and services to specific markets.
More research is needed to investigate promising individual differences. The first step is to reintroduce dispositional personal factors into models of technology use and adoption. TAM2 (Venkatesh and Davis 2000) and UTAUT (Venkatesh et al. 2003) are two viable candidates. This study suggests that personality, not cognitive style, provides a promising avenue for such research.
